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Current State of Affairs - Briefly

« Summary of previous discussion:

« Attempting to use DBSCAN clustering and correlation analysis to
uncover and highlight potentially relevant features in the patient data
and their relationship with the diagnosis.

« Potentially can implement other clustering algorithms and implement
more adequate correlation analysis for the results.



Clustering Approaches

* A lot of work went into defining parameters for DBSCAN, which

proved ineffective as most resulting clusters were dominated by
noise points.

* Other clustering methods produced less noisy clusters, but

there was limited correlation between these clusters and the
diagnoses.

* Relevant features were confirmed from work done Dby
Konstantin.



Attempting to Fine-tune Pre-Processing

« Scaling-only app

roach vs. Scaling+Normalising approach

« StandardScaler()
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RobustScaler()

robust_norm.max()
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Using Neural Networks

 TWo main datasets:
« |ICCA baseline values for 17888 patients with 27 features.

« ICCA mechanically ventilated patients (13461 patients) with 234
features.

 3- or 4-layer CNN with either Softmax or Sigmoid activation
function at the output layer.

« Optimising for cohorts (0-5) using categorical crossentropy
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MV patients, 3xCONV1D, softmax, 500 epochs
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Conclusions

 Cohorts are not balanced with the majority (~¥76% of patients)
belonging to the same cohort.

* Next step: use a more balanced training set.

* Parameters may not be as indicative of original condition as they are
of potential direction of disease.

* Next (current) step: attempt a mortality prediction (in parallel with Moein).

* Currently only working with ICCA data until positive results or change
of approach.

* Next step: attempt analysis on COVID data.



